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1. Introduction 
Hate speech is one of the significant topics of discussion related to social media analysis. It is mainly 

associated with the freedom of users to share content and opinions on existing social media platforms. 
Freedom of opinion in social media has also led to an increase in the number of hate speech through 
social media. This increase is one of the challenges faced by the government in uncovering influential 
actors of hate speech on social media and issuing a legal law in the form of the Information and 
Transaction Law of Electronics (UU ITE). One of the methods used to uncover influential actors is the 
centrality measure, which means the vital node in a network. It represents the influence of a person 
whose presence on the network tends to dominate others. There are numerous benefits associated with 
detecting actors on the network, such as explaining the network's dynamics. Some of the traditional 
methods widely used to detect the influence of a node in a network include Betweenness Centrality 
(BC), Degree Centrality (DC), and Closeness Centrality (CC) [1]. These metrics are evaluated according 
to the number of node connections, relationship with neighbours, and the path that crosses the node 
[2]. DC only looks at the target node's information  with low accuracy and time complexity [3]. DC and 
CC have a better result than BC, which has high time complexity [4]. Other methods include Cross-
Face Centrality [5]. Rahim et al. [6] collaborated centrality and similarity measurements used for friendly 
recommendation. Detection of the central or influential actors in a network is mainly out on social 
media, such as Twitter [7]–[12]. Besides, influential actors implement other fields, such as, cybercrime 
[13]–[15] and e-commerce [16]. 
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Collective Influence (CI) method. However, this method is associated with 
unweighted datasets, which makes it inappropriate for social media, 
significantly using weight datasets. This study proposes a new CI method 
called the Weighted Collective Influence Graph (WCIG), which uses the 
weights and neighbor values to detect the influence of hate speech. A total 
of 49, 992 Indonesian tweets were and extracted from Indonesian Twitter 
accounts, from January 01 to January 22, 2021. The data collected are also 
used to compare the results of the proposed WCIG method to determine 
the influential actors in the dissemination of information. The experiment 
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WCIG calculations on HPC is 34-75 hours because the larger the 
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ARTICLE INFO ABSTRCT

The urgency of strengthening work safety mindset and occupational health and safety (OHS) competence has 

become a policy priority for Indonesia’s maritime human resource development in facing global competition and 

STCW (Standards of Training, Certification and Watchkeeping for Seafarers) requirements. This study aims to 

analyze the effects of growth mindset and OHS competence on work readiness, as well as the role of seafaring 

experience, as an empirical basis for formulating holistic maritime HR development policies. The research 

employed a quantitative approach using Partial Least Squares Structural Equation Modeling (PLS-SEM) with 

243 upgrading trainees at Politeknik Ilmu Pelayaran Semarang, measuring growth mindset, work readiness, OHS 

competence, and seafaring experience constructs. Results show that growth mindset positively and significantly 

affects work readiness (β=0.225; t=3.659; p<0.001) and OHS competence (β=0.406; t=4.395; p<0.001). OHS 

competence strongly influences work readiness (β=0.547; t=6.600; p<0.001). Seafaring experience significantly 

contributes to growth mindset (β=0.542; t=7.255; p<0.001), work readiness (β=0.194; t=3.145; p=0.002), and 

OHS competence (β=0.528; t=5.881; p<0.001). Mediation analysis confirms the significant role of OHS in the 

growth mindset→work readiness pathway (indirect effect=0.222; 95% CI [0.131; 0.361]). Policy implications 

include strategic recommendations: (1) integration of growth mindset modules in national maritime training 

curricula; (2) strengthening OHS training portion and quality to minimum 20-25% of total training hours; 

(3) implementation of Recognition of Prior Learning (RPL) systems for seafaring experience validation; 

(4) development of evidence-based holistic competency assessment standards. This research contributes to 

transforming Indonesia’s maritime HR development policy towards excellence in maritime human capital 

supporting the world maritime axis vision.
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INTRODUCTION

Indonesia, as the world’s largest maritime 

nation, faces a persistent paradox: despite its 

abundant maritime resources, it continues to rely 

on foreign seafarers to meet the labor demands of 

its domestic shipping industry. The global shipping 

sector increasingly requires maritime human 

resources who are not only technically competent 

but also possess an adaptive mindset, a strong 

commitment to safety, and adequate operational 

readiness to navigate highly dynamic and  

high-risk maritime environments. Data from 

the International Maritime Organization (IMO) 

indicate that 80% of maritime incidents stem  

from human error, highlighting gaps in non-

technical competencies including psychological 

factors and safety culture within maritime  

education and training systems (Sharma & Kim, 

2022; Mori & Manuel, 2024). This phenomenon 

necessitates a comprehensive and evidence-

based reformulation of maritime human resource 

development policies.

Current Indonesian maritime human 

resource development policies, governed by 

various Ministry of Transportation regulations 

and aligned with the Standards of Training, 

Certification and Watchkeeping for Seafarers 

(STCW), tend to emphasize technical and 

procedural aspects while paying limited attention to 

psychological dimensions and experiential learning.  

However, international literature shows that work 

readiness in the maritime sector is shaped by a  

complex interplay of technical competence, 

psychological factors such as growth mindset, 

occupational health and safety (OHS) competencies, 

and cumulative seafaring experience acquired 

throughout one’s career (Bjørn et al., 2024; 

Ghosh & Emad, 2025). The gap between training 

curricula and industry demands, along with the 

minimal integration of psychological dimensions 

and experiential learning in the national training  

system, presents a strategic challenge that requires 

empirical evidence to support systematic and 

measurable policy improvements.
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Although the growth-mindset concept 

developed by Dweck has proven effective in various 

general education contexts, its application within 

high-risk and safety-critical maritime vocational 

education remains limited and requires context-

specific empirical validation (Rusland et al., 2020; 

Belabyad et al., 2025). The causal relationships 

among mindset, OHS competence, and work 

readiness in the Indonesian seafaring context have 

also not been systematically investigated through 

rigorous research. Seafaring experience, which is 

an essential asset for competence development and 

the accumulation of tacit knowledge, is not yet 

formally recognized within Indonesia’s competency 

assessment system (Recognition of Prior Learning 

or RPL), unlike best practices in advanced maritime 

nations such as Norway, Singapore, and the 

Philippines.

This study aims to address these gaps 

by empirically examining the effect of growth 

mindset on work readiness and OHS competence, 

the mediating role of OHS competence in the 

relationship between growth mindset and work 

readiness, and the contribution of seafaring experience 

to all three constructs. The study was conducted 

with 243 participants enrolled in an upgrading  

program at the Politeknik Ilmu Pelayaran (PIP) 

Semarang, one of Indonesia’s leading maritime 

training institutions that reflects the characteristics 

of Indonesian seafarers with diverse levels of 

experience and competence. The selection of 

PIP Semarang as the research site is based on 

its reputation as a national center of excellence 

in maritime education and the demographic 

representativeness of its students.

This study offers significant contributions 

in four strategic areas. First, it provides a robust 

empirical foundation for the development of 

holistic maritime human resource policies that 

integrate psychological factors, safety competencies, 

and practical experience. Second, it elucidates 

the causal mechanisms and mediation pathways 

linking psychological factors, safety competence, 

and work readiness, thereby informing the design 

of more effective training interventions. Third, it  

presents concrete and actionable recommendations 

for improving training curricula, assessment 

systems, and Recognition of Prior Learning 

policies within the national maritime training  

framework. Finally, it supports Indonesia’s 

broader ambition to position itself as a global 

maritime fulcrum and a leading provider of high-

quality seafarers in an increasingly competitive  

international labor market, aligning with the long-

term vision of Indonesia’s maritime development 

agenda for 2045.

INTEGRATING PSYCHOLOGY, SAFETY, 
AND EXPERIENCE: A SYNTHESIZED 
FRAMEWORK FOR MARITIME WORKFORCE 
DEVELOPMENT

Growth mindset is defined as the belief 

that abilities can be cultivated through intentional 

effort, learning strategies, and hands-on experience 

(Campbell et al., 2021; Boylan et al., 2024). 

Individuals with a growth mindset tend to approach 

challenges as opportunities for development, interpret 

feedback as informative rather than threatening, and 

sustain effort in the face of obstacles (Cherewick et 

al., 2023; Jeffs et al., 2023). This construct reflects 

both cognitive components, such as strategic 

thinking and reflective learning, and motivational 

aspects, including resilience and valuing of effort. In 

vocational and technical learning contexts, growth 

mindset has been shown to facilitate exploratory 

practice, iterative skill refinement, and adaptation 

to corrective feedback (Yuan et al., 2024; Taveras 

et al., 2025). Its influence, however, is shaped by 

contextual factors like training quality, institutional 

safety culture, and prior field exposure, resulting 

in variable effects across different settings (Aven & 

Ylönen, 2021; Hansen et al., 2025). Conceptualizing 

growth mindset as a dispositional attribute allows 

for empirical analysis of how beliefs about human 

potential translate into competence development 

and readiness for real-world tasks.

Work readiness represents an individual’s 

overall capacity to enact technical skills, interpersonal 

abilities, professional attitudes, and problem-solving 

strategies within actual workplace conditions (Boud 

et al., 2023; Shapiro et al., 2024). It encompasses 

procedural knowledge, practical competence, 

communication, teamwork, responsibility, and work 

ethic (Billett, 2024; Zhou et al., 2024). Within 

vocational education systems, work readiness is 

assessed using performance-based evaluations, 

observed demonstrations of competence, and self-

reported indicators of preparedness for employment 

(Mseleku, 2024; Jackson & Cook, 2025). 

Enhancing work readiness supports employability, 

productivity during early employment, operational 

safety, and long-term adaptability to technological 

or organizational changes (Ferns et al., 2025). Key 

determinants include curriculum relevance, hands-

on experience through simulation or onboard 

training, and the presence of supportive workplace 

learning environments (Jackson & Connor, 

2024; Tan et al., 2025). As such, work readiness 
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is inherently multidimensional and requires 

measurement approaches that integrate technical 

and non-technical performance indicators.

Occupational Health and Safety (OHS) 

competence refers to the knowledge, skills, 

attitudes, and motivations necessary to engage in 

safe work behaviors, comply with safety protocols, 

and respond effectively to emergencies (Schulte 

et al., 2023; Pandey, 2025). It includes procedural 

understanding of safety standards, adherence 

to regulations, participation in safety-related 

activities, and preparedness for hazardous scenarios 

(Gul, 2020; Møller et al., 2021). Organizational 

safety climate, quality of training, and leadership 

practices strongly influence how OHS competence 

is translated into individual and collective 

safety behavior (Pourmazaherian & Musonda, 

2022; Bentley et al., 2023). Empirical studies 

consistently show that enhanced safety knowledge 

and motivation contribute to better compliance, 

proactive participation, and reductions in accident 

rates (Afework et al., 2024). In the maritime 

context, OHS competence also involves adherence 

to international maritime safety conventions and 

operational requirements that safeguard both crew 

and vessels (Sasanawin et al., 2025). This position 

OHS competence as a key mechanism through 

which psychological dispositions and experiential 

learning shape safe performance and overall work 

readiness.

Seafaring experience encompasses the 

practical exposure accumulated by seafarers through 

duration of service at sea, diversity of vessel 

types, levels of responsibility, and involvement 

in complex operational tasks (Nasar et al., 2024). 

These experiences contribute to tacit knowledge 

and practical expertise that cannot be fully 

developed through formal instruction or short-

term simulations (Şenbursa et al., 2024). Real-

world exposure sharpens technical proficiency, 

reinforces decision-making under pressure, and 

builds confidence in operational routines (Misas 

et al., 2024). Participation in emergency drills, 

handling critical incidents, and execution of high-

responsibility tasks further develop situational 

awareness and crisis-management capabilities 

(Warren & Gibson, 2024). However, the benefits of 

experience are not always linear, as variations in task 

quality, mentorship, and opportunities for structured 

reflection can amplify or weaken its contribution 

to competence development (Sellberg et al., 2021; 

Song et al., 2025). Considering seafaring experience 

as a moderating construct therefore allows for a 

nuanced understanding of how experience shapes 

or alters the effects of psychological disposition and 

OHS competence on work-readiness outcomes.

Based on this integrated conceptual 

framework, the following hypotheses were 

formulated to empirically test the relationships 

among the constructs:

1.	 Hypothesis 1 (H1): Growth mindset has a 

positive effect on trainees’ work readiness

2.	 Hypothesis 2 (H2): Growth mindset has a 

positive effect on trainees’ Occupational Health 

and Safety (OHS) competence.

3.	 Hypothesis 3 (H3): Occupational Health and 

Safety (OHS) competence has a positive effect 

on trainees’ work readiness.

4.	 Hypothesis 4 (H4): Seafaring experience has a 

positive effect on trainees’ growth mindset.

5.	 Hypothesis 5 (H5): Seafaring experience has a 

positive effect on trainees’ work readiness.

6.	 Hypothesis 6 (H6): Seafaring experience has a 

positive effect on trainees’ Occupational Health 

and Safety (OHS) competence.

Methodological Architecture for Modeling 
Psychological, Safety, and Experiential Dynamics 
in Maritime Training

This study adopts a causal-comparative 

quantitative approach using path analysis within the 

Partial Least Squares Structural Equation Modeling 

(PLS-SEM) framework. This methodological 

choice aligns with the study’s objectives to 

examine both direct and indirect pathways among 

the constructs, specifically the direct influence of 

Growth Mindset (GM) on Work Readiness (WR), 

the mediating role of Occupational Health and 

Safety competence (OHS), and the moderating 

role of Seafaring Experience (SE). PLS-SEM is 

particularly appropriate because it accommodates 

complex models that include serial mediation, 

latent constructs measured by multiple indicators, 

moderate sample sizes, and data conditions that do 

not meet strict multivariate normality assumptions.

The research instrument consisted of a 

closed-ended questionnaire using a five-point 

Likert scale ranging from 1 (Strongly Disagree) to 

5 (Strongly Agree). The instrument measured four 

latent constructs, each comprising five indicators, 

for a total of 20 items. Growth Mindset included five 

indicators adapted from Brez et al. (2020), Richardson 

et al. (2021), and Ary et al. (2024), capturing 

incremental beliefs, attitudes toward failure, effort-

driven motivation, responses to learning challenges, 

and beliefs in deliberate practice. Work Readiness 
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items drew from Wallis (2021), Orr et al. (2023), 

and Peersia et al. (2024), covering productivity, 

communication, problem solving, teamwork, 

and professionalism. OHS competence followed 

frameworks by Pourmazaherian and Musonda (2022) 

and Xi et al. (2023), assessing procedural knowledge, 

compliance, safety motivation, participation, and 

emergency preparedness. Seafaring Experience 

indicators were adapted from Tang et al. (2022) and 

Pauksztat et al. (2022), capturing duration at sea, 

diversity of vessel types, operational involvement, 

exposure to complex situations, and responsibility 

levels. These indicators were operationalized into 

the questionnaire blueprint shown in Table 1.

The population of the study included 

303 participants enrolled in upgrading training 

at Politeknik Ilmu Pelayaran (PIP) Semarang. 

The primary sample consisted of 243 trainees 

representing ANT II–ANT V and ATT II–

ATT V competence levels, selected through 

purposive sampling based on two criteria: active  

enrollment in the 2025 training cycle and 

completion of the OHS course. A pilot sample of 60 

trainees from a comparable population, not included 

in the final sample, was used to assess content  

validity, initial reliability, and item refinement. 

Respondent demographic characteristics are 

presented in Table 2 and illustrate the broad  

diversity of ages, educational backgrounds, 

competence levels, and lengths of seafaring 

experience represented in the sample.

Data were collected through an online 

questionnaire distributed via Google Forms. 

Respondents received an explanation of the study 

purpose, assurances of confidentiality, and an 

informed consent statement. Data collection 

continued until the target sample of 243 valid 

responses was reached, after which the dataset was 

imported into SEM-PLS 3 for analysis.

Pilot testing of the instrument included 

reliability testing using Cronbach’s α, item–total 

correlations, and screening for problematic items. 

A reliability threshold of Cronbach’s α ≥ 0.70 was 

applied. The results indicated strong reliability and 

convergent validity for all four constructs. Latent 

Variable 1 produced Cronbach’s α = 0.880, rho_A 

= 0.911, Composite Reliability (CR) = 0.916, 

and Average Variance Extracted (AVE) = 0.693, 

demonstrating high internal consistency. Latent 

Variable 2 recorded α = 0.843, rho_A = 0.919, CR = 

0.901, and AVE = 0.670. Latent Variable 3 showed 

α = 0.846, rho_A = 0.945, CR = 0.907, and AVE = 

0.696. Latent Variable 4 exhibited α = 0.812, rho_A 

= 0.880, CR = 0.867, and AVE = 0.580, all within 

acceptable thresholds. These results confirmed that 

the constructs possessed adequate reliability and 

met convergent validity requirements.

Item-level screening based on outer loadings 

further refined the instrument. Indicators such 

as GM1, GM2, GM3, GM5, OHS1 through 

OHS4, SE1 through SE4, and WR1 through 

Table 1. Pilot Test Questionnaire.
No. Variable Indicator Code

1 Growth Mindset (Brez et al., 2020; 

Richardson et al., 2021; Ary et al., 2024)

Belief that abilities can be developed (incremental belief ) GM1

Attitude toward failure as a learning process GM2

Effort motivation and perseverance GM3

Response to learning challenges GM4

Belief in deliberate practice and planned training GM5

2 Work Readiness (Wallis, 2021; Orr et 

al., 2023; Peersia et al., 2024)

Work performance and productivity WR1

Professional communication skills WR2

Problem-solving and critical thinking ability WR3

Teamwork and collaboration skills WR4

Professionalism (responsibility, discipline) WR5

3 Occupational Health & Safety (OHS) 

(Pourmazaherian & Musonda, 2022; Xi 

et al., 2023)

Procedural OHS knowledge (technical) OHS1

Compliance with safety procedures (safety compliance) OHS2

Safety motivation and attitudes OHS3

Participation in safety activities (safety participation) OHS4

Emergency preparedness and personal protective 

equipment (PPE) skills

OHS5

4 Seafaring Experience (Tang et al., 2022; 

Pauksztat et al., 2022)

Duration of seafaring experience SE1

Diversity of vessel types served SE2

Intensity of operational involvement on board SE3

Exposure to complex/emergency situations SE4

Level of responsibility held SE5

Source: Pilot Test Instrument (2025).
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WR4 demonstrated strong loadings of 0.70 or 

higher, supporting their retention. However, three 

indicators displayed very low loadings below 0.40: 

OHS5 (0.126), SE5 (0.390), and WR5 (0.240). These 

items failed to capture sufficient variance and were 

therefore removed. Indicator GM4 had a moderate 

loading of 0.530, below the desired threshold, and 

was also deleted. With the removal of GM4, OHS5, 

SE5, and WR5, the instrument achieved a refined 

structure that preserved theoretical integrity while 

improving psychometric performance.

After the successful pilot refinement, the 

study proceeded with full-scale data collection 

and PLS-SEM analysis using the validated set of 

indicators. The methodological rigor applied in 

instrument development, pilot evaluation, and 

analytical selection ensures robust empirical testing 

of the proposed relationships among psychological 

disposition, experiential background, safety 

competence, and work-readiness outcomes within 

the maritime training context.

EMPIRICAL VALIDATION OF THE 
MEASUREMENT AND STRUCTURAL 
MODEL: STRENGTHENING SAFETY 
MINDSET AND COMPETENCE IN MARITIME 
HUMAN RESOURCE DEVELOPMENT

The measurement model derived from the 

main sample (n = 243) demonstrates strong empirical 

adequacy and provides an essential foundation for 

policy strategies aimed at strengthening the safety 

mindset and safety competence of Indonesia’s 

maritime workforce. Outer loadings for all retained 

indicators fall between 0.720 and 0.922, surpassing 

the recommended minimum threshold of 0.70. 

These results confirm robust convergent validity, 

indicating that each item meaningfully reflects its 

intended construct and captures substantial variance 

aligned with the theoretical framework that connects 

growth mindset, OHS competence, seafaring 

experience, and work readiness. No additional 

indicators required removal, and the model retains 

statistical coherence. Nonetheless, assessment of 

Table 2. Respondents Demography.

Characteristics Category Frequency (n) Percentage (%)
Gender Male 241 99.17

Female 2 0.83

Age < 25 Years old 9 3.70

26 – 35 Years old 73 30.04

36 – 45 Years old 106 43.62

46 – 55 Years old 51 20.98

> 55 Years old 4 1.66

Education Elementary 1 0.42

Junior high school 30 12.35

Senior high school 164 67.48

D-I degree 1 0.42

D-II degree 2 0.82

D-III degree 36 14.81

D-IV / S-1 degree 7 2.88

S-2 degree 2 0.82

Competence level ANT II 54 22.22

ANT III 55 22.63

ANT IV 53 21.81

ANT V 1 0.42

ATT II 34 13.99

ATT III 27 11.11

ATT IV 12 4.94

ATT V 3 1.24

Able/Ratings 4 1.64

Seafaring experience < 1 year 1 0.42

2 – 3 years 33 13.58

4 – 5 years 27 11.11

6 – 7 years 39 16.05

> 8 years 143 58.84

TOTAL 243 100
Source: Training Officers of PIP Semarang 2025.
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discriminant validity through Fornell–Larcker and 

cross-loading inspection remains a vital prerequisite 

for ensuring construct distinctiveness before moving 

to structural evaluation and hypothesis testing.

The structural model offers compelling 

evidence for the hypothesized relationships shaping 

maritime human resource development in Indonesia. 

All core path coefficients are statistically significant  

(t > 1.96), including key relationships such as Growth 

Mindset → Work Readiness (t = 3.659), Growth 

Mindset → OHS Competence (t = 4.395), OHS 

Competence → Work Readiness (t = 6.600), and 

multiple pathways involving Seafaring Experience 

as a moderator and predictor. Importantly, the 

persistence of the direct effect from Growth Mindset 

to Work Readiness, even after accounting for the 

indirect effect via OHS competence, indicates partial 

mediation—underscoring the combined cognitive 

and technical channels through which mindset 

influences professional preparedness.

Construct reliability and validity analyses 

further reinforce the suitability of the measurement 

instrument. All four latent variables achieve high 

internal consistency, with Cronbach’s alpha values 

ranging from 0.812 to 0.910 and Composite 

Reliability values between 0.876 and 0.936. AVE 

values also exceed the 0.50 threshold, demonstrating 

solid convergent validity and supporting the 

Table 3. Outer Loading Result.

	 Growth Mindset Work Readiness Occupational Health & 
Safety (OHS)

Seafaring 
Experience

GM1 0.901

GM2 0.901

GM3 0.878

GM5 0.867

WR1 0.905

WR2 0.889

WR3 0.880

WR4 0.866

OHS1 0.922

OHS2 0.760

OHS3 0.887

OHS4 0.865

SE1 0.720

SE2 0.761

SE3 0.873

SE4 0.836

Source: SEM-PLS Result Analysis.

Figure 1. Research Path Model.
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instrument’s appropriateness for evaluating safety-

related competencies and psychological factors in 

maritime training (Table 4).

Discriminant validity, assessed via the 

Fornell–Larcker criterion, shows that the square 

root of AVE for each construct is greater than its 

correlations with other constructs, confirming 

that the model’s dimensions Growth Mindset, 

Work Readiness, OHS Competence, and Seafaring 

Experience are empirically distinct. Although 

some correlations are moderately high (e.g., 

Work Readiness OHS Competence = 0.848), they 

fall below their respective AVE square roots and 

therefore pose no threat to discriminant validity. 

Complementary HTMT assessment is advisable to 

reinforce this conclusion (Table 5).

The R² results indicate that the model 

provides substantial explanatory power for Work 

Readiness (R² = 0.765) and OHS Competence  

(R² = 0.676), while Growth Mindset demonstrates a 

more modest level of explained variance (R² = 0.294). 

The minimal difference between R² and adjusted  

R² across constructs suggests a parsimonious model 

that avoids overfitting an important consideration 

for evidence-based policy development in the 

maritime sector (Table 6).

Effect size (f²) analysis shows several  

large contributions that hold direct implications 

for competency-based training policy.  

Notably, Seafaring Experience exerts substantial 

influence on Growth Mindset (f² = 0.417) and  

OHS Competence (f² = 0.606), while OHS 

Competence contributes strongly to Work  

Readiness (f² = 0.413). By contrast, the pathway  

from Growth Mindset to Work Readiness 

yields a small yet meaningful effect (f² = 0.112),  

suggesting that mindset interventions may be more 

effective when paired with structured OHS skill 

development (Table 7).

Table 4. Reliability & Validity Result.
Cronbach’s 

Alpha
Rho_A Composite 

Reliability
Average Variance 
Extracted (AVE)

Growth Mindset 0.910 0.914 0.936 0.787

Work Readiness 0.908 0.911 0.935 0.784

Occupational Health & Safety (OHS) 0.882 0.899 0.919 0.741

Seafaring Experience 0.812 0.836 0.876 0.639

Source: SEM-PLS Result Analysis.

Table 5. Fornell-Larcker Result.
Growth 
Mindset

Work 
Readiness

Occupational Health 
& Safety (OHS)

Seafaring 
Experience

Growth Mindset 0.887

Work Readiness 0.709 0.885

Occupational Health & Safety (OHS) 0.692 0.848 0.861

Seafaring Experience 0.542 0.726 0.748 0.800

Source: SEM-PLS Result Analysis.

Table 6. R-Square Result.
R Square R Square Adjusted

Growth Mindset 0.294 0.291

Work Readiness 0.765 0.762

Occupational Health & Safety (OHS) 0.676 0.673

Source: SEM-PLS Result Analysis.

Table 7. F-Square Result.
Growth 
Mindset

Work Readiness Occupational Health 
& Safety (OHS)

Seafaring 
Experience

Growth Mindset 0.112 0.359

Work Readiness

Occupational Health & Safety (OHS) 0.413

Seafaring Experience 0.417 0.071 0.606

Source: SEM-PLS Result Analysis.
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Hypothesis testing results confirm that all 

seven hypotheses (H1 through H7) are supported. 

Growth Mindset predicts both Work Readiness 

and OHS Competence; OHS Competence predicts 

Work Readiness; and Seafaring Experience predicts 

all three constructs while strengthening both the 

direct and the mediated relationships within the 

model. Significant indirect effects, such as the 

pathway in which Growth Mindset influences OHS 

Competence and subsequently enhances Work 

Readiness, highlight the essential mediating role of 

safety competence in shaping workforce readiness. 

These findings align directly with national  

policy priorities for maritime human resource 

development (Table 8).

IMPLICATIONS FOR STRENGTHENING WORK 
SAFETY MINDSET AND COMPETENCE IN 
MARITIME HRD

The findings demonstrate that cultivating 

a growth-oriented safety mindset is a critical 

lever for enhancing work readiness in Indonesia’s 

maritime sector. Trainees with a growth mindset 

exhibit stronger adaptability, professional initiative, 

and readiness for operational demands, affirming 

existing literature that positions mindset as a 

catalyst for learning resilience and skill acquisition 

(Heslin et al., 2020; Shomotova et al., 2024). 

Maritime training institutions should therefore 

integrate structured mindset-enhancement 

interventions such as reflective practice, process-

focused feedback, and problem-centered learning 

modules to strengthen psychological foundations 

for workplace performance.

The evidence also underscores the role of 

Growth Mindset in elevating OHS competence. 

Trainees who believe in their ability to improve 

are more likely to adopt safe practices, engage in 

procedural learning, and respond proactively to 

safety feedback (Teperi et al., 2023). For a sector 

that prioritizes safety culture, embedding mindset 

training within safety modules offers a practical 

strategy for improving compliance and operational 

safety performance.

OHS competence emerges as a powerful 

determinant of work readiness, reinforcing the 

centrality of safety education within maritime 

capacity-building. Safety knowledge, procedural 

mastery, and confidence in emergency responses 

equip trainees with essential readiness for shipboard 

operations (Vitrano et al., 2024). Policy frameworks 

should emphasize competency-based safety training, 

simulation-based assessment, and field practice to 

enhance real-world preparedness.

Seafaring Experience plays a pivotal 

developmental role, positively influencing Growth 

Mindset, OHS competence, and Work Readiness. 

Exposure to real operations, complex situations, and 

hierarchical onboard structures provides mastery 

experiences that strengthen learning beliefs and 

accelerate skill transfer (Mallam et al., 2022). For 

policy application, Recognition of Prior Learning 

(RPL) and experience-based training pathways 

should be expanded to leverage existing shipboard 

experience as a developmental asset.

Finally, the strong influence of experience 

on OHS competence underscores the need for 

structured experiential learning in maritime 

training. While hands-on exposure builds practical 

safety expertise, its benefits require supervision, 

reflection, and standardization to prevent the 

entrenchment of unsafe routines. Training 

institutions should formalize structured mentoring, 

reflective observation, and validated skill assessments 

to ensure high-quality learning outcomes.

This study provides empirical evidence 

that growth mindset, seafaring experience, and 

occupational health and safety (OHS) competence 

jointly shape trainees’ readiness to enter the 

maritime workforce. Growth mindset and seafaring 

experience each exert significant direct effects on 

both OHS competence and work readiness, while 

OHS competence serves as a critical competency 

that enhances trainees’ preparedness for real 

Table 8. Hypotheses Testing.
Original Sample 

(O)
Sample Mean (M) Standard Deviation 

(STDEV)
T Statistics (O/

STDEV)
P Values

GM – WR 0.225 0.240 0.062 3.659 0.000

GM – OHS 0.406 0.416 0.092 4.395 0.000

OHS - WR 0.547 0.523 0.083 6.600 0.000

SE - GM 0.542 0.548 0.075 7.255 0.000

SE - WR 0.194 0.203 0.062 3.145 0.002

SE - OHS 0.528 0.514 0.090 5.881 0.000

Source: SEM-PLS Result Analysis.
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operational environments. The findings further 

show that seafaring experience not only strengthens 

technical and safety capabilities but also contributes 

to the development of adaptive learning orientations, 

reinforcing the role of experiential learning in 

vocational maritime training. Collectively, these 

results underscore that psychological dispositions, 

practical field experience, and safety-related 

competencies form an integrated foundation for 

developing a high-quality maritime workforce. 

Strengthening these dimensions is therefore 

essential for advancing Indonesia’s maritime human 

resource development agenda and improving the 

nation’s competitiveness within the global seafaring 

labor market.

POLICY IMPLICATIONS

The findings of this study generate several 

important implications for maritime education, 

training, and human resource development in 

Indonesia. First, growth-mindset development 

should be institutionalized within maritime training 

programs by incorporating structured psychological-

development components such as reflective learning, 

adaptive feedback, and instructional approaches that 

cultivate resilience and continuous learning. At the 

same time, OHS competence must be prioritized 

as a central policy element by enhancing safety-

learning environments, expanding performance-

based safety assessments, and aligning training 

with international safety standards to strengthen 

both workplace safety and overall work readiness. 

The results also underscore the need to formalize 

mechanisms for recognizing seafaring experience 

within certification systems, particularly through 

improved Recognition of Prior Learning (RPL) 

processes that account for the quantity and quality 

of field experience, consistent with global best 

practices. In addition, curriculum reforms should 

integrate psychological, safety, and experiential 

dimensions such as simulation-based training, 

mentorship, and reflective practice to ensure closer 

alignment between training outcomes and industry 

needs. Collectively, strengthening growth mindset, 

OHS competence, and experience based learning 

will enhance the competitiveness of Indonesia’s 

maritime workforce and support national aspirations 

to become a global maritime hub and a leading 

supplier of highly qualified seafarers.
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1. Introduction 
Hate speech is one of the significant topics of discussion related to social media analysis. It is mainly 

associated with the freedom of users to share content and opinions on existing social media platforms. 
Freedom of opinion in social media has also led to an increase in the number of hate speech through 
social media. This increase is one of the challenges faced by the government in uncovering influential 
actors of hate speech on social media and issuing a legal law in the form of the Information and 
Transaction Law of Electronics (UU ITE). One of the methods used to uncover influential actors is the 
centrality measure, which means the vital node in a network. It represents the influence of a person 
whose presence on the network tends to dominate others. There are numerous benefits associated with 
detecting actors on the network, such as explaining the network's dynamics. Some of the traditional 
methods widely used to detect the influence of a node in a network include Betweenness Centrality 
(BC), Degree Centrality (DC), and Closeness Centrality (CC) [1]. These metrics are evaluated according 
to the number of node connections, relationship with neighbours, and the path that crosses the node 
[2]. DC only looks at the target node's information  with low accuracy and time complexity [3]. DC and 
CC have a better result than BC, which has high time complexity [4]. Other methods include Cross-
Face Centrality [5]. Rahim et al. [6] collaborated centrality and similarity measurements used for friendly 
recommendation. Detection of the central or influential actors in a network is mainly out on social 
media, such as Twitter [7]–[12]. Besides, influential actors implement other fields, such as, cybercrime 
[13]–[15] and e-commerce [16]. 
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1. Introduction 
Hate speech is one of the significant topics of discussion related to social media analysis. It is mainly 

associated with the freedom of users to share content and opinions on existing social media platforms. 
Freedom of opinion in social media has also led to an increase in the number of hate speech through 
social media. This increase is one of the challenges faced by the government in uncovering influential 
actors of hate speech on social media and issuing a legal law in the form of the Information and 
Transaction Law of Electronics (UU ITE). One of the methods used to uncover influential actors is the 
centrality measure, which means the vital node in a network. It represents the influence of a person 
whose presence on the network tends to dominate others. There are numerous benefits associated with 
detecting actors on the network, such as explaining the network's dynamics. Some of the traditional 
methods widely used to detect the influence of a node in a network include Betweenness Centrality 
(BC), Degree Centrality (DC), and Closeness Centrality (CC) [1]. These metrics are evaluated according 
to the number of node connections, relationship with neighbours, and the path that crosses the node 
[2]. DC only looks at the target node's information  with low accuracy and time complexity [3]. DC and 
CC have a better result than BC, which has high time complexity [4]. Other methods include Cross-
Face Centrality [5]. Rahim et al. [6] collaborated centrality and similarity measurements used for friendly 
recommendation. Detection of the central or influential actors in a network is mainly out on social 
media, such as Twitter [7]–[12]. Besides, influential actors implement other fields, such as, cybercrime 
[13]–[15] and e-commerce [16]. 
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1. Introduction 
Hate speech is one of the significant topics of discussion related to social media analysis. It is mainly 

associated with the freedom of users to share content and opinions on existing social media platforms. 
Freedom of opinion in social media has also led to an increase in the number of hate speech through 
social media. This increase is one of the challenges faced by the government in uncovering influential 
actors of hate speech on social media and issuing a legal law in the form of the Information and 
Transaction Law of Electronics (UU ITE). One of the methods used to uncover influential actors is the 
centrality measure, which means the vital node in a network. It represents the influence of a person 
whose presence on the network tends to dominate others. There are numerous benefits associated with 
detecting actors on the network, such as explaining the network's dynamics. Some of the traditional 
methods widely used to detect the influence of a node in a network include Betweenness Centrality 
(BC), Degree Centrality (DC), and Closeness Centrality (CC) [1]. These metrics are evaluated according 
to the number of node connections, relationship with neighbours, and the path that crosses the node 
[2]. DC only looks at the target node's information  with low accuracy and time complexity [3]. DC and 
CC have a better result than BC, which has high time complexity [4]. Other methods include Cross-
Face Centrality [5]. Rahim et al. [6] collaborated centrality and similarity measurements used for friendly 
recommendation. Detection of the central or influential actors in a network is mainly out on social 
media, such as Twitter [7]–[12]. Besides, influential actors implement other fields, such as, cybercrime 
[13]–[15] and e-commerce [16]. 
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1. Introduction 
Hate speech is one of the significant topics of discussion related to social media analysis. It is mainly 

associated with the freedom of users to share content and opinions on existing social media platforms. 
Freedom of opinion in social media has also led to an increase in the number of hate speech through 
social media. This increase is one of the challenges faced by the government in uncovering influential 
actors of hate speech on social media and issuing a legal law in the form of the Information and 
Transaction Law of Electronics (UU ITE). One of the methods used to uncover influential actors is the 
centrality measure, which means the vital node in a network. It represents the influence of a person 
whose presence on the network tends to dominate others. There are numerous benefits associated with 
detecting actors on the network, such as explaining the network's dynamics. Some of the traditional 
methods widely used to detect the influence of a node in a network include Betweenness Centrality 
(BC), Degree Centrality (DC), and Closeness Centrality (CC) [1]. These metrics are evaluated according 
to the number of node connections, relationship with neighbours, and the path that crosses the node 
[2]. DC only looks at the target node's information  with low accuracy and time complexity [3]. DC and 
CC have a better result than BC, which has high time complexity [4]. Other methods include Cross-
Face Centrality [5]. Rahim et al. [6] collaborated centrality and similarity measurements used for friendly 
recommendation. Detection of the central or influential actors in a network is mainly out on social 
media, such as Twitter [7]–[12]. Besides, influential actors implement other fields, such as, cybercrime 
[13]–[15] and e-commerce [16]. 
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 Over the last decade, numerous methods have been developed to detect the 
influential actors of hate speech in social networks, one of which is the 
Collective Influence (CI) method. However, this method is associated with 
unweighted datasets, which makes it inappropriate for social media, 
significantly using weight datasets. This study proposes a new CI method 
called the Weighted Collective Influence Graph (WCIG), which uses the 
weights and neighbor values to detect the influence of hate speech. A total 
of 49, 992 Indonesian tweets were and extracted from Indonesian Twitter 
accounts, from January 01 to January 22, 2021. The data collected are also 
used to compare the results of the proposed WCIG method to determine 
the influential actors in the dissemination of information. The experiment 
was carried out two times using parameters ∂=2 and parameter ∂=4. The 
results showed that the usernames bernacleboy and zack_rockstar are 
influential actors in the dataset. Furthermore, the time needed to process 
WCIG calculations on HPC is 34-75 hours because the larger the 
parameter used, the greater the processing time.  

This is an open access article under the CC–BY-SA license. 
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